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d - d lugość chromosomu
N - wielkość populacji
θ1 - parametr algorytmu, wspó lczynnik uczenia
θ2 - parametr algorytmu, prawdopodobieństwo mutacji
θ3 - parametr algorytmu, wspó lczynnik zaburzenia podczas mutacji

Population-Based-Incremental-Learning(F,N, θ1, θ2, θ3)
1 p← Initial-Probability-Vector();
2 P ← Random-Population(p, N);
3 Population-Evaluation(P, F );
4 while not Termination-Condition(P)
5 do

6 xi ← Best-Individual(P);
7 for k ← 1 to d

8 do

9 pk ← pk · (1− θ1) + xik · θ1;
10 for k ← 1 to d

11 do

12 if Uniform-Random(0, 1) < θ2

13 then pk ← pk · (1− θ3) + Binary-Random(0.5) · θ3;
14 P ← Random-Population(p, N);
15 Population-Evaluation(P, F );

Binary-Random(p)
1 if Uniform-Random(0, 1) < p

2 then z = 1;
3 else z = 0;
4 return z

Initial-Probability-Vector()
1 p = {p1, p2, . . . , pd}
2 for k ← 1 to d

3 do

4 pk ← 0.5;
5 return p

Random-Individual(p)
1 x = {x1, x2, . . . , xd}
2 for k ← 1 to d

3 do

4 xk ← Binary-Random(pk);
5 return x

Random-Population(p, N)
1 P = {x1,x2, . . . ,xN}
2 for k ← 1 to N

3 do

4 xk ← Random-Individual(p);
5 return P
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